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Abstract
Retail investors in India increasingly turn to the mid-cap equity segment in pursuit of higher returns, yet their decisions are deeply shaped by behavioral biases, especially under currency volatility. where investors behavioural biases mediate relationship between currency volatility and retail investor decisions biases such as herding, overconfidence and availability heuristic work as a mediator between exchange rate fluctuations and retail investor decisions. This study used a primary data of investors and applied Structural Equation Modelling (SEM). Study shows that   exchange rate fluctuations affect investors psychological frames under volatility of currency. While financial literacy partially mitigates heuristic bias but it fails to temper overconfidence, confirming the competence bias paradox. Whereas social media engagement emerges as the strongest amplifier of herding behaviour which shows that digital narratives significantly influence investment sentiment during volatile periods. study extends Prospect Theory into a macroeconomic context and positioned currency movements as framing agents that reshape investor psychology. Overall, the study underscores that sustaining market stability in emerging economies like India requires not just financial literacy but emotional along with behavioural literacy required to counteract cognitive biases in high-volatility regimes.
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Introduction
Integration of global financial markets make show the transmission mechanisms where macroeconomic variables shape equity market behaviour. Variables such as exchange rate (ER) movements occupy a particularly salient position, given their capacity to alter firms cost structures, export competitiveness, earnings expectations and equity valuations. In the Indian market macro financial linkage acquired renewed relevance in recent years owing to a pronounced expansion in retail investor participation. Mid-cap segment having crossed the threshold of early-stage uncertainty, remain characterised by relatively high growth aspirations, incomplete international hedging and greater sensitivity to macroeconomic shocks studies shows that mid-cap stocks in India exhibit higher volatility and more pronounced reactions to external disturbances, including currency fluctuations, rendering them a fertile setting for examining exchange rate–equity linkages. Indian market has largely approached the exchange rate stock market nexus at an aggregate level and USD–INR movements in mid-cap index performance Mohanty and Satpathy (2019) 
The present study foregrounding behavioural mechanisms through which currency fluctuations are perceived, interpreted by Indian retail investors operating in the mid-cap segment during periods of exchange rate volatility. study examines how cognitive and emotional biases specifically herding behaviour, overconfidence and availability heuristic mediate the relationship between movements in the Indian Rupee vis-à-vis major currencies (USD, EUR, and GBP) and retail investment decisions. While existing studies have established that exchange rates affect markets (Aggarwal, 1981) and that investors are biased (Thaler, 2005), there is virtually no research quantifying how specific biases (Herding, Overconfidence, Availability) mediate the relationship between currency shocks and Indian retail investment decisions in the mid-cap space. By understanding the "why" behind retail investor reactions, this research offers critical insights for financial regulators designing investor education programs (Lusardi & Mitchell, 2014) and for portfolio managers seeking to predict liquidity crunches in the mid-cap sector during forex crises.
2. Literature Review
2.1 Exchange Rate Fluctuations and Stock Market Performance
General Relationship between ER fluctuations and stock market performance most debated topics in international finance and a subject of intense empirical scrutiny Theoretical literature primarily pivots around two opposing frameworks “Flow-Oriented" model (Dornbusch & Fischer, 1980) which posits that currency movements affect trade competitiveness and thus real output and stock prices while “Portfolio Balance" approach (Branson, 1983) suggests that stock market performance drives capital flows and determining exchange rates. Bahmani-Oskooee and Sohrabian (1992) found bidirectional causality, while others like Nieh and Lee (2001) found no significant long-term relationship in G7 countries. This divergence is often attributed to differing time horizons, policy regimes with varying degree of market openness (Granger, Huangb, & Yang, 2000)
2.2 Indian Context: Exchange Rates and Stock Performance 🇮🇳
ER-stock market relationship is well-documented in developed economies whereas literature focusing on emerging markets like India remains relatively thin and leaving a gap between how dynamics play out in the unique regulatory and retail-driven landscape of India (Naka, Mukherjee, & Tufte, 1998). Apte (2001) and Bhattacharya and Mukherjee (2003) examined the causal relationship between the BSE Sensex/Nifty 50 and the INR/USD exchange rate, finding weak or mixed causality. Pal and Mittal (2011) focused on sectoral indices like IT and Auto, confirming that export-heavy large-cap sectors are sensitive to currency fluctuations. Where these studies focused on large cap. Regarding the Indian Mid-Cap sector which is characterized by higher beta and retail ownership. Limited studies are available with a short timeframe and a reliance on linear statistical tools that fail to capture the asymmetric behavioral responses of investors. 
2.3 The Rise of Behavioral Finance and Prospect Theory
Behavioral finance emerged integrating psychology into financial economics. It acknowledges that investors are subject to cognitive limits and emotional influences (Thaler, 1999). Markets like India retail participation has surged, often bringing inexperienced investors who are prone to psychological biases (Barberis & Thaler, 2003).
Kahneman and Tversky (1979) fundamentally altered the understanding of decision-making under risk with three key Loss Aversion, framing Effect, Reflection Effect in currency volatility depreciating rupee is often "framed" as a loss of national or personal wealth, potentially triggering irrational risk-seeking behavior (holding losing stocks) among retail investors (Shefrin, 2002).  Christie and Huang (1995) and Chang, Cheng, and Khorana (2000) demonstrated that herding is more prevalent during periods of market stress and high volatility. In India, where information asymmetry is high in the mid-cap sector, retail investors are prone to herding driven by "fear of missing out" (FOMO) or panic selling during currency shocks (Lakonishok, Shleifer, & Vishny, 1992; Bikhchandani, Hirshleifer, & Welch, 1992).
Odean (1998) stated that overconfident investors trade more frequently but achieve lower returns. In the context of forex, investors may believe they can predict rupee movements better than the market, leading to excessive risk-taking in sensitive mid-cap stocks (Barber & Odean, 2001; Glaser & Weber, 2007). Tversky and Kahneman (1973) explained about recent information is overweighted promote irrational decision. Shiller (2000) stated where sensationalized news drives market moves. For example, a rupee volatility case may be a normal market phenomenon but media managed its headlines focusing on "record lows" which become highly available potentially causing investors to overreact and divest from fundamentally sound mid-cap companies (Kliger & Kudryavtsev, 2010).
2.5 Research Gap
Study connected three streams of literature a macroeconomic impact of currency volatility (Dornbusch & Fischer, 1980) with market microstructure of the Indian Mid-Cap sector (Mohanty & Satpathy, 2019) and its relation to micro-foundations of Behavioral Finance (Kahneman & Tversky, 1979).
[bookmark: _Hlk217864144]3. Hypothesis Development
3.1 Herding Behavior and Currency-Induced Uncertainty
Emerging markets like India where information asymmetry cannot be treated as a minor hurdle. Asymmetry exists in such market due to their diversified and availability of diversities inside and outside of market which is full of potentiality to change investors perception on investment mid-cap sector is specially affected from these anomalies because of holding of a firm which is going to acerated their profitability at any moment of time which is attracted by most investors especially true for the. Unlike large-cap equities that enjoy constant scrutiny, mid-cap stocks often suffer from sparse analyst coverage.In a question like Why does asymmetry lead to herding?  Answered by Chiang and Zheng (2010) and suggested following the crowd is not always about "irrational panic." But a calculated reaction to market volatility. When signals become blurry think of a sudden, sharp drop in the Rupee investors often lose confidence in their own data. They choose to ignore private insights and instead mimic what the rest of the market is doing. Lao and Singh (2011) took a closer look at India and China find that behavior is asymmetric. It does not happen at a steady pace. It intensifies dramatically when the market feels the heat.
H1: Herding behavior is positively correlated with investment decisions in mid-cap stocks during periods of significant rupee fluctuation.
3.2 The Moderating Role of Financial Literacy
Behavioral biases cannot be eliminated but such investors affected from this bias. Abreu and Mendes (2010) show that same pattern does not follow because of financial literacy person holds a higher financial literacy so he acts like a "cognitive buffer." This buffer provides investors a tool they need to diversify their portfolios and resist common mental shortcuts. Baker et al. (2019) in their study based on Indian capital market found that a financially literate person effectively cancels out the negative impact of biases. A well-informed investor is simply better at telling the difference between a brief currency dip and a genuine collapse in a company’s value. This clarity makes them less likely to panic based on scary headlines (the availability heuristic) or succumb to blind overconfidence.
H2: Investors with higher financial literacy are less susceptible to the availability heuristic and overconfidence bias in their investment decisions related to currency volatility.
3.3 Prospect Theory: Framing and Risk Asymmetry
The way we "frame" currency moves changes how much risk we are willing to take. This is where the "disposition effect" comes in. Dhar and Zhu (2006) found that individual investors have a frustrating habit: they hold onto losing stocks for too long hoping to break even, but sell their winning stocks far too early. Weber and Camerer (1998) took this to the macroeconomic level. Their experiments showed that when people feel they are in a "loss frame," they actually crave more risk in a desperate attempt to recover. For an Indian retail investor, a falling Rupee feels like a personal loss. Instead of pulling back, they might "double down" on volatile mid-caps. Conversely, when the Rupee gains value, they tend to play it safe and take their profits early.
H3: A depreciating rupee (perceived as a loss) will lead to risk-seeking behavior, whereas an appreciating rupee (perceived as a gain) will lead to risk-averse behavior among retail investors in the mid-cap segment.
3.4 Social Media as an Echo Chamber
Under the age of digitization finance is not alone with the help of digital media and social media where people interact how and what they trade is also a major cause that affect behaviour of people. Heimer (2016) suggest that investment networks push people to stick with failing strategies because peer pressure is a powerful force induced by the digital medium continuously. Pan et al. (2012) shows that social media as a highway for "sentiment contagion." If market shows volatile nature, it increases amount of "noise” in online medium. This situation makes expensive and exhausting   situation where common investors are not in a condition to verify truth.  Indian retail investors use apps like Telegram or X (formerly Twitter) turn this incident into echo chambers. These platforms amplify the urge to follow the crowd whenever the forex market experiences a shock.
H4: The use of social media as a primary source of investment information is positively correlated with herding behavior among retail investors.
3.5 The Persistence of Overconfidence
Most stubborn bias in finance is known as overconfidence. Graham, Harvey, and Huang (2009) describe what they call "competence effect." They found that investors who feel they are knowledgeable even if they are not still, they take risks they with us understand different perspective of risk.  Chuang and Susmel (2011) reinforce this idea that individual investors often get more aggressive during market turmoil because they fall for an "illusion of knowledge." Where investors think due to short period of time and containing a critical information about market which is generally not true because most of the investors consumed same source of information available on media still, they behave that they are using secret or critical information this wrong presumption create overconfidence under the condition of illusions of knowledge. It drives people to take big risks in the mid-cap space.
H5: Overconfidence bias is a significant predictor of a retail investor's willingness to take on greater risk in mid-cap stocks during a period of currency volatility, regardless of their financial literacy.
Image 1 shows a Proposed model of this study this model will be tested through collection of primary data where SEM modelling is applied.



Image 1 Proposed model
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Source: author’s own contribution 
4. Theoretical Background
4.1 Prospect Theory and Investor Choice
Study adopted prospect theory where investors do not judge gains and losses in absolute terms. Investors measure outcomes against a reference point which is a mental benchmark this is shaped by past prices, expectations or recent performance of stocks can be different from person to person. So as per investors point what matter most is what they feel “better or worse than expected” Barberis, Huang, and Santos (2001) argue that investors derive satisfaction or discomfort from changes in portfolio value not from total wealth itself. So a small loss can feel painful if it falls below the reference point, while a modest gain can feel rewarding if it exceeds expectations. This mechanism and periods of exchange rate volatility motivate investors for perceived shifting in wealth because the benchmark they rely on is unstable.  As a result, even short-term currency movements can strongly affect emotions, risk-taking and decision-making. so, investors not only responding to fundamentals they are reacting on volatile exchange rates repeatedly.
Myopic Loss Aversion (Benartzi & Thaler, 1995) Investors track their portfolios continuously through digital trading platforms. When investors check their portfolios frequently, short-term losses become more noticeable while long-term fundamentals remain unchanged. In this condition losses loom larger than gains. So, in case changes in wealth is noticed due to of volatility in exchange rate. Such effect becomes more pronounced. As a response investor decide a premature exit from mid-cap stocks as investors misinterpret cyclical currency effects as permanent value erosion.
Framing Effects and Mental Accounting shows condition of investor responses. Retail investors evaluating their portfolios in an integrated manner and mentally compartmentalise mid-cap equities as speculative assets (Thaler, 1999). So mid-cap equities are commonly viewed as speculative positions if domestic currency depreciates, losses in mid-cap stocks are framed as particularly threatening within this speculative account. Currency depreciation is framed as a threat to portfolio which triggering disproportionate liquidation (Statman et al., 2006). These framing effects generate asymmetric and state-dependent trading behaviour.
4.2 Cognitive Heuristics under Macroeconomic Uncertainty
Tversky and Kahneman (1973) identified that Human cognition is naturally drawn to vivid, emotionally charged with retrievable information. Known as availability heuristic. In financial markets where investors are more likely to act on information that feels salient news headlines, social media buzz and recent market turbulence So a sharp currency depreciation amplify fears of capital outflows or inflationary pressures and create a “narrative fog” that shapes investor sentiment. Tetlock (2007) media pessimism exerts measurable short-term effects on stock prices.
Herding in reality shows a strategic response against information asymmetry. Where superior or faster access to information by others affect individual so a person infers meaning from the crowd actions. In the Indian mid-cap market retail investors often rely on collective signals such as trading volumes, momentum shifts, or online discussion trends. Kumar and Lee (2006) retail investors trades are correlated across stocks, reflecting coordinated movements not necessarily driven by fundamentals but by perceived “group wisdom.”
When investor perceived that he has an ability to interpret complex information or control uncertain outcomes he is in a trap of Overconfidence that is a driven by self-attribution bias (Hirshleifer, 2001), An investor make profits from a well-timed trade during rupee volatility, may internalize this as evidence of superior judgment. Over time, such experiences nurture an Illusion of Control Langer (1975). In a mid-cap concentrated portfolio exposures to high-beta stocks those that move more sharply with market swings. Overconfident traders, emboldened by recent gains, may underestimate macroeconomic risks, dismissing exchange rate volatility as a manageable factor rather than a structural uncertainty. 
Table 1 Measurement scale 
	Construct
	Item Code
	Measurement Item
	Adapted From

	Herding Bias (HB)
	HB1
	If I observe a large volume of investors buying a mid-cap stock after a significant rupee movement, I am likely to follow suit.
	Christie & Huang (1995); Bikhchandani, Hirshleifer, & Welch (1992)

	
	HB2
	I often rely on investment trends trending on financial news or social media to guide my decisions during currency volatility, fearing I might miss out.
	Shiller (1995); Baddeley & Holt (2009)

	
	HB3
	When the currency market is uncertain, I feel safer aligning my mid-cap investment decisions with the consensus of my peers or popular analysts.
	Chang, Cheng, & Khorana (2000); Nofsinger & Sias (1999)

	Overconfidence Bias (OCB)
	OCB1
	I believe my ability to forecast how rupee fluctuations impact mid-cap stocks is superior to that of the average retail investor.
	Daniel, Hirshleifer, & Subrahmanyam (1998); Odean (1998)

	
	OCB2
	Even when the rupee is highly volatile, I trust my own analysis enough to invest in mid-cap stocks without seeking professional advice.
	Gervais & Odean (2001); Barber & Odean (2001)

	
	OCB3
	I am rarely surprised by the market's reaction to exchange rate shifts because my predictions are usually accurate.
	Glaser & Weber (2007); Moore & Healy (2008)

	Availability Heuristic (AH)
	AH1
	Recent negative headlines regarding the rupee's depreciation heavily influence my decision to sell mid-cap stocks, regardless of long-term data.
	Tversky & Kahneman (1973); Shiller (2000)

	
	AH2
	I judge the risk of a mid-cap stock primarily based on how frequently I hear about currency-related losses in the news.
	Tversky & Kahneman (1974); Bazerman & Moore (2013)

	
	AH3
	My investment choices are driven more by recent, memorable currency events than by a comprehensive analysis of historical trends.
	Kahneman (2011); Thaler (2015)

	Subjective Financial Literacy (FL)
	FL1
	I clearly understand how interest rate differentials between India and major economies (US/EU) influence the INR exchange rate.
	Lusardi & Mitchell (2014); Van Rooij, Lusardi, & Alessie (2011)

	
	FL2
	I am confident in my ability to interpret technical financial reports regarding the impact of forex volatility on corporate earnings.
	Lusardi & Mitchell (2007); Mandell & Klein (2007)

	
	FL3
	I understand advanced concepts like currency hedging and how companies utilize them to mitigate foreign exchange risks.
	Huston (2010); Hung, Parker, & Yoong (2009)

	Social media (SMI)
	SMI1
	I rely on social media platforms (Twitter, Telegram, YouTube) as my primary source for real-time updates on rupee fluctuations.
	Sprenger et al. (2014); Da, Engelberg, & Gao (2011)

	
	SMI2
	Recommendations from financial influencers on social media significantly shape my view of mid-cap stocks during volatile periods.
	Ren et al. (2019); Nguyen & Chen (2020)

	
	SMI3
	I believe the crowd sentiment expressed on social media is a reliable indicator of future market movements related to currency.
	Geczy & Sammon (2017); Baker & Wurgler (2006)

	Investment Decision: Loss Frame (ID-L)
	ID1
	Scenario: The Rupee has depreciated 5%, and your portfolio is down 8%. I am likely to invest in a high-beta mid-cap stock hoping for a quick recovery of losses.
	Kahneman & Tversky (1979)

	
	ID2
	Scenario: Following significant depreciation-driven losses, I am likely to hold onto losing stocks rather than selling, hoping they will bounce back.
	Kahneman & Tversky (1979)

	Investment Decision: Gain Frame (ID-G)
	ID3
	Scenario: The Rupee has appreciated 5%, and your portfolio is up 8%. I am likely to shift funds to a conservative, low-volatility asset to protect these gains.
	Kahneman & Tversky (1979)

	
	ID4
	Scenario: Following appreciation-driven gains, I am likely to sell a portion of my mid-cap holdings immediately to "book profit" rather than waiting for further growth.
	Kahneman & Tversky (1979)


Source: Author’s own contribution
Research Methodology
5.1 Research Design
The present study adopts a quantitative and explanatory research design to justify  causal pathways through which macroeconomic uncertainty translates into individuals investment behavior in mid-cap equity market. quantitative modelling techniques known as structural equation modeling (SEM) used in this study to evaluate both direct and indirect effects among variables. Malhotra and Dash (2016) emphasize, cross-sectional surveys are particularly effective when the goal is to capture perceptions and intentions that are context-dependent.
5.2 Population and Sampling Strategy
A total of 560 responses were initially collected through the survey. After removal of incomplete duplicate responses final dataset of  500 response are considered for study. This sample size fulfils minimum thresholds recommended for Structural Equation Modelling (Hair et al., 2019).
5.3 Instrumentation and Measures
A structured questionnaire is used to collect data related to demographic variables (age, income, education, portfolio size) and Core constructs Herding, Overconfidence, Availability Heuristic, and Financial Literacy were measured using validated psychometric scales on a five-point Likert format, adapted from established literature to ensure content validity. Table2 presents the composition of the final sample, ensuring representation across key investment demographics
Table 2: Demographic Profile of the Sample
	Demographic Variable
	Category
	Frequency (n)

	Age Group
	18 – 30 Years (Gen Z/Young Millennials)
	145

	
	31 – 45 Years (Mid-Career)
	210

	
	46 – 60 Years (Pre-Retirement)
	105

	
	Above 60 Years (Senior Citizens)
	40

	Annual Income (INR)
	< ₹5 Lakhs
	80

	
	₹5 Lakhs – ₹15 Lakhs
	235

	
	₹15 Lakhs – ₹30 Lakhs
	125

	
	> ₹30 Lakhs (HNI)
	60

	Trading Experience
	Novice (< 2 Years)
	115

	
	Intermediate (2 – 5 Years)
	190

	
	Experienced (> 5 Years)
	195

	Preferred Asset Class
	Large-Cap Only
	50

	
	Mid-Cap Focused
	310

	
	Small-Cap/Speculative
	140

	Total
	
	500


                                  Source: Author’s own contribution
4. Data Analysis and Results
The data collected from 500 Indian retail investors was analysed on r studio where Lavan library is to analyse data for SEM while python used to analysis of path. The two-step approach recommended by Anderson and Gerbing (1988),where assessing the measurement model for reliability and validity is required before examining the structural model to test the proposed hypotheses.
4.1 Measurement Model Assessment
Confirmatory Factor Analysis (CFA) was conducted to evaluate the psychometric properties of the constructs. Table 3 shows their required result where Convergent validity was assessed through the Average Variance Extracted (AVE), AVE values for all constructs ranged between 0.58 and 0.73, comfortably exceeding the 0.50 threshold Hair et al. (2010). Availability Heuristic construct, which recorded the highest AVE value of 0.73. This strong convergence implies retail investors tendency to rely on salient or vivid news events when making investment decisions. Kourtidis et al. (2011), reported as emotional and cognitive biases are often more pronounced, stable, and measurable in emerging markets compared to developed economies. While Composite Reliability (CR) values for all latent constructs were above 0.70, confirming strong internal consistency across the measurement scales. As a high factor loading, AVE, and CR values substantiate that the constructs are both statistically reliable and theoretically valid. 
Table 3: Reliability and Validity Assessment
	Construct
	Item
	Factor Loading (>0.60)
	Cronbach's (>0.70)
	CR (>0.70)
	AVE (>0.50)

	Herding Bias (HB)
	HB1
	0.82
	0.86
	0.87
	0.69

	
	HB2
	0.85
	
	
	

	
	HB3
	0.81
	
	
	

	Overconfidence Bias (OCB)
	OCB1
	0.79
	0.84
	0.85
	0.65

	
	OCB2
	0.83
	
	
	

	
	OCB3
	0.78
	
	
	

	Availability Heuristic (AH)
	AH1
	0.88
	0.89
	0.89
	0.73

	
	AH2
	0.86
	
	
	

	
	AH3
	0.82
	
	
	

	Financial Literacy (FL)
	FL1
	0.76
	0.81
	0.82
	0.60

	
	FL2
	0.79
	
	
	

	
	FL3
	0.77
	
	
	

	Social Media Info (SMI)
	SMI1
	0.84
	0.88
	0.88
	0.71

	
	SMI2
	0.86
	
	
	

	
	SMI3
	0.83
	
	
	

	Inv. Decision (ID)
	ID1
	0.75
	0.79
	0.80
	0.58

	
	ID2
	0.78
	
	
	

	
	ID3
	0.74
	
	
	


Source: Author’s own contribution
4.3 Discriminant Validity
Fornell-Larcker criterion was applied to ensure that each construct is empirically distinct shows in table 4 
Table 4: Fornell-Larcker Criterion for Discriminant Validity
	Construct
	HB
	OCB
	AH
	FL
	SMI
	ID

	Herding Bias (HB)
	0.83
	
	
	
	
	

	Overconfidence (OCB)
	0.45
	0.81
	
	
	
	

	Availability (AH)
	0.52
	0.38
	0.85
	
	
	

	Financial Literacy (FL)
	-0.31
	-0.15
	-0.28
	0.77
	
	

	Social media (SMI)
	0.61
	0.42
	0.55
	-0.12
	0.84
	

	Inv. Decision (ID)
	0.58
	0.49
	0.51
	-0.21
	0.48
	0.76


                Source: Author’s own contribution
4.4 Structural Model and Hypothesis Testing
The structural model was assessed to test the hypothesized relationships. The model fit indices were satisfactory.
Table 5: Path Coefficients and Hypothesis Testing Results
	Hypothesis
	Path Relationship
	(Coeff.)
	-value
	-value
	Result

	H1
	Currency Volatility Herding Bias
	0.42
	5.89
	< 0.001
	Supported

	H2a
	Financial Literacy Availability Heuristic
	-0.28
	3.45
	< 0.01
	Supported

	H2b
	Financial Literacy Overconfidence Bias
	-0.12
	1.15
	0.254
	Not Supported

	H3
	Loss Frame (Depreciation) Risk Seeking
	0.35
	4.67
	< 0.001
	Supported

	H4
	Social Media Info Herding Bias
	0.51
	7.12
	< 0.001
	Supported

	H5
	Overconfidence Bias Risk Taking
	0.48
	6.34
	< 0.001
	Supported


Source: Author’s own contribution
The analysis indicates that currency volatility significantly increases herding behaviour (H1: β = 0.42, p < 0.001), as investors mimic peers during uncertain periods (Lobão & Serra, 2002). Financial literacy partially mitigates behavioural biases—it significantly reduces the availability heuristic (H2a: β = –0.28, p < 0.01) but does not significantly affect overconfidence (H2b: β = –0.12, p = 0.254), supporting the “competence effect” (Glaser & Weber, 2007). The framing effect is confirmed (H3: β = 0.35, p < 0.001), as currency depreciation prompts risk-seeking behaviour (Kahneman & Tversky, 1979). Social media information strongly amplifies herding (H4: β = 0.51, p < 0.001) through “echo chamber” dynamics (Hvide & Östberg, 2015). Finally, overconfidence significantly drives mid-cap investment risk-taking (H5: β = 0.48, p < 0.001), reflecting Langer’s (1975) Illusion of Control. Collectively, the findings show that behavioural biases—especially herding and overconfidence—mediate how macro volatility and digital cues shape retail investors’ risk behaviour in Indian mid-cap equity market. While in image 2 shows path modeling of all hypothesis.






Image 2 path modelling
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5. Implications of the Study
5.1 Theoretical Implications
The findings of this study shows that retail investors mentally compartmentalize currency-driven losses such as rupee depreciation distinctly from firm-specific operational losses. H3 demonstrates the activation of the “reflection effect” during periods of rupee depreciation This behavioural reversal confirms that framing effects extend beyond micro-level asset choices to systemic macro shocks, broadening the interpretive reach of Prospect Theory. This study fills a theoretical gap between macroeconomic volatility reframes investor cognition. Dual role of financial literacy, as evidenced in H2. The study finds that while financial literacy significantly reduces susceptibility to the Availability Heuristic, it does not diminish Overconfidence Bias. This dual outcome challenges the conventional “Deficit Model” of investor education, which assumes that more knowledge automatically results in more rational decisions.  (Glaser & Weber, 2007; Graham et al., 2009).
5.2 Practical Implications
For Market Regulators Such as SEBI where a strong link between social media engagement and herding (H4) exposes a key regulatory gap. SEBI and RBI should extend surveillance beyond misreporting to digital contagion. Asset Management Companies (AMCs) should be more responsible during currency depreciation where AMCs can leverage investors temporary “holding bias” by introducing behavioural circuit breakers targeted communication during rupee volatility. study suggest that Financial Advisors 
Traditional demographic profiling is inadequate for volatility-driven markets. Advisors should adopt psychological profiling and pre-commitment strategies to curb impulsive trading. 
6.  Limitations and conclusion 
A cross-sectional design is used where investor sentiment at one point in time is recorded it limit this study to observe how behavioural biases evolve across different market phases. A longitudinal approach can better examine investor psychology is A data of selected respondent is skewed toward urban and digitally active investors which potentially overlooking behavioural patterns among semi-urban and rural participants who rely on traditional broker networks. 
The Indian mid-cap equity market, marked by volatility and retail dominance shows   currency fluctuations act as psychological triggers it distorting investor judgment. During rupee weakness, the rational investor often becomes a social one following digital herds and mistaking knowledge for control. The study shows that financial literacy alone cannot ensure stability while requires emotional literacy As India integrates deeper into global markets its financial stability will depend as much on managing investor psychology as on managing macroeconomic fundamentals through a behaviourally informed policy approach.
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